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Abstract

The COVID-19 outbreak led to a significant change in India’s educational landscape,
resulting in the widespread adoption of e-learning technologies in the classroom. To
evaluate the success of this transition, a study was conducted utilizing the Unified Theory
of Technology Acceptance and Use (UTAUT) framework. The objective of the research was
to evaluate the usefulness of e-learning in higher education institutions. The study involved
conducting a cross-sectional survey through a structured questionnaire to test the hypotheses
through empirical evidence. The statistical findings, based on a sample of 313 participants
from several educational institutions, show that factors such as faculty influence, quality
of services, performance expectancy and facilitating conditions significantly influence
students” behavioral intentions. The expectation of effort, however, had no impact on the
students’ intentions. Additionally, the students’ behavioral intentions positively impact their
usage behavior

Subject Classification: 94A05.

Keywords: Performance expectancy, Higher education institution, E-learning, Students” behavioral
intentions.

1. Introduction

The unprecedented pandemic and subsequent national Lockdown
significantly impacted the education sector. Consequently, the education
industry was forced to tailor to the “new reality” by new methods and
transitioning to new technology platforms. We had to replace antiquated
educational norms with a framework that teaches both content knowledge
and the 21st-century abilities of creativity, critical thinking, communication,
and teamwork, according to the OECD’s Future of Education and Skills
Project (OECD, 2030). Improving the speed and popularity of e-learning
in India requires expanding technology and infrastructure access in rural
areas. The rise of online education in urban areas has the potential to
revolutionize the field of education. Increased competitiveness and the
appearance of innovative e-learning platforms guarantee that students
and teachers will have access to more recent content, cutting-edge teaching
strategies, and cutting-edge technological resources.

India has made great progress in technological innovation and its
influence on many sectors and businesses (Lovelock, 2001; Lai, 2016). For
long, India depended mostly on the competence of instructors to develop
pupils, but with the Fourth Industrial Revolution, the country has begun
to rely on technology to make learning easier and more comfortable.
Around 600 million people in the country use the internet to acquire
information, which is expanding exponentially to bring about change.
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(www.mhrd.com). E-learning in metropolitan areas grew with technology,
and during the COVID-19 pandemic, it gained popularity while
universities and institutions shuttered owing to statewide limitations. It
has become a popular teaching platform in colleges, schools, and other
institutions.

In India, the Ministry of Education oversees the educational system,
with the Department of Higher Education acting as an advising agency.
Department of Higher Education capacities are being tested. The
COVID-19 epidemic has led to a dramatic shift towards e-learning.

2. Reconsideration of Written Works or Literature

“In this research, the Unified Theory of Technology Acceptance and
Use (UTAUT) developed by Venkatesh et. al. (2004) was employed to
examine the effect of technology, specifically e-learning, on higher
education. It is essential to grasp the UTAUT model and its associated
ideas before formulating hypotheses.

Unified Theory of Acceptance and Use of Technology (UTAUT)

Technology adoption relies on user consent (Davis, 1989), resulting in
the creation of concepts from diverse domains (e.g., sociology, psychology)
to determine acceptability.

The Technology Acceptance Model (TAM) by Davis (1989) is widely
studied (Cimperman et al., 2016; Chauhan and Jaiswal, 2016), although
newer research have shown certain limitations (Tsai et al., 2016). Venkatesh
et al. (2003) synthesized eight models and theories to create the Unified
Theory of Acceptance and Use of Technology (UTAUT) model to overcome
these problems. The UTAUT approach emphasizes responsible technology
usage and system acceptance. This study used the UTAUT model to
examine the impact of e-learning on higher education.

The UTAUT framework is made up of four elements that influence
the acceptance of technology and the intent to use it. These elements are
Facilitating Conditions (FC), Effort Expectancy (EE), Performance
Expectancy (PE), and Social Influence (SI). The Facilitating Conditions
pertains to the extent to which participants trust that they have access to
the necessary resources and systems to utilize the technology. The
Performance Expectancy reflects the belief that adopting the technology
will improve performance, while the Effort Expectancy refers to the belief
that it will make tasks simple and smooth. Social Influence refers to the
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perception that make others believe the technology should be used. The
intent to use the technology is influenced by PE, EE, and SI, while FC
directly affects the actual usage. The original UTAUT framework also
includes moderating components, but they were not included in this
study. The revised version of the UTAUT model without the moderating
components has proven to be sufficient in studying technology usage and
adoption. This model has been utilized in previous studies on e-learning.

In this study, the factors explained below were used to assess the
impact of e-learning on institutions:

Performance Expectancy:

Performance Expectancy (PE) measures participants’ belief that
adopting new technology would improve their performance (Venkatesh et
al., 2003). Some studies suggest that PE significantly impacts behavioral
intention (Moran, 2006; Chan et al., 2005; Venkatesh et al., 2003), while
others show no impact (Wu et al., 2012; Cadinu, 2003). The following
theory was created based on the outcomes.

H1: Performance expectancy (PE) largely lays the impact on the students’
behavioral intention.

Effort Expectancy

Effort expectancy refers to an individual’s belief in easing out and
simplifying the use of technology (Venkatesh, 2003). Some research on
shopping online and the hotel business found a positive connection
between effort expectancy and behavioral intention (Pascual-Miguel, 2015;
Venkatesh et. al., 2003; Lai et. al., 2015). However, other studies in financial
system audits, internet-based mobile payments, in mobile shopping;
(Handoko et. al., 2018; Kaneberg, 2016; Mansour, 2016) found no such
correlation between effort expectancy and behavioral intention. Hence,
theory has been developed as follows.

H2. Effort expectancy (EE) largely lays the impact on the students’ behavioral
intentions.

Faculty Influence: The present study considers the social influence
of factors. In education, instructors significantly influence student
behavior. Individuals connect online through communication, information
exchange, idea sharing, and experience comparison.
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Students’ trust in online education is influenced by platforms like MS
Teams and Google Meet, as recommended by professors and coworkers.
Research by Venkatesh (2003), Kim (2007), and Ghalandar (2012) indicates
that social impact significantly shapes user behavior. Other research
(Foon, 2014; Handoko et al., 2018 & Kaneberg, 2016) disagree, stating that
social influence does not impact behavioral outcomes. The following
assertion may be made therefore:

H3: Faculty influence (FI) lays the impact on the students” behavioral intentions.

Quality of services: A study by Diep et al (2016), indicated that high-
quality e-learning services increase student adoption of online education
programs at higher education institutions. According to Parasuraman et
al. (1991), customer happiness stems from the quality of services provided
by the firm. Few studies (Park, 2009; Cronin, 2000) found that service
quality did not significantly impact students’” online education behavior.

H4: Quality of services significantly affects the students’ behavioral intentions.

Facilitating Condition: As quoted by Venkatesh et. al. (2003), the
organization’s conducive conditions for system utilization considerably
influence system usage. To encourage individuals to use technology, the
company must give technical assistance such as training to increase the
system’s likeliness, consequently improving the utilization behavior and
interpretation of performance (Lu et. al, 2003). As per the research
conducted by Raman et. al. (2014) and Kim- Soon et. al. (2005), providing
technical help to students can promote technology adoption in higher
education. Although a few investigations discovered no association (Al
Rababaa, 2013 & Mousa Jaradat). Hence, the hypothesis:

H5: Facilitating conditions lays the impact on the students’ behavioural
intentions of the students.

Behavioural intention

Students choose online education for studying due to their purpose
to do so. Taylor and Todd (1995) define behavioral intention (BI) as a
student’s attitude and commitment to use the system. Research by Ajzen
(2002) and Kim et al. (2005) indicates that BI impacts behavior (Venkatesh
et al.,, 2012). Agudo-Peregrina et al. (2014) found that customers’ enabling
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factors and behavioral goals affect system use. Research suggests that BI
has little impact on system usage in e-learning (Sedana & Wijaya, 2010;
Pardemean & Susanto, 2015). Thus, the hypothesis was put forth as
follows:

Heé: Behavioral intention has a significant impact on the use of online systems.

2.9 Objectives of the study

The purpose of the study is two-fold:

e To assess the influence of online education on student learning
outcomes.

e To assess the effect of certain variables on the intentions of students’
to optimize e-learning programs as proffered by higher education
institutions.

Methodological Tools Administered

The study employed a structured questionnaire, which utilized a
5-point Likert scale (ranging from 1-Totally No No to 5 - Totally Yes Yes) to
gather data. The elements used in the questionnaire were adapted from
previous research and reworded to fit the context of e-learning as shown
in Figure 1. Four items are taken from Robert Allen’s (2002) work on

[ Performance Expectancy

H1
[ Effort Expectancy H2

H6
I Faculty Influence Student Behavior Intention Student Use Eehavior

[ Quality of Services

[ Facilitating Condition

Figure 1

Research Framework
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performance expectation, five from Sprenger and Schwaninger’s(2021)
work on effort expectancy, and five from Beheshti and Beheshti’s (2010)
and Sedera et. al. (2010) .’s work on service quality, 5 questions were taken
from Michaelidou and Hassan’s (2008), Fu et. al. (2016) study to evaluate
students” behavioural intention for e-learning. Sprenger & Schwaninger
(2021), Robert Allen (2020), and four items for faculty impact from Martin
& Herrero (2012), Sarfaraz (2017), and Venkatesh (2000). The current study
makes use of four elements for sufficing the conditions and four variables
related to students’ behavior regarding technology usage, which were
adapted from De Canniére et. al. (2007)

Table 2 explains these characteristics and variables. The study
collected quantitative data using a Google form and link given to university
and college students using convenience sampling. Out of 400 replies, 313
were valid. The data was processed using SPSS and AMOS software. The
study used SPSS for frequency analysis, reliability assessment, and
descriptive analysis. AMOS was used to analyze the relationship between
endogenous and exogenous variables, as well as evaluate the model’s fit.
This information was utilized to create a research strategy to test the

suggested idea.

4. Data Analysis
Demographic Profile of the participants

Table 1 shows that 31.95% of respondents had prior Covid-19
experience, whereas the remaining 68.05% of participants had only
recently begun utilizing e-learning platforms. In addition, respondents
from postgraduate programs made up 39.30% of the sample, compared to
respondents from undergraduate programs, who made up 60.70% of the
sample. On a total of 313 responders, there were 58.47% men and 41.53%
women. Further, analysis shows that 54.31% of the students were below 25
years of age, followed by 27.80% in the 25 to 30 age range. Thus, the sample
mentioned above was deemed suitable for evaluating the efficacy of

e-learning.
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Table 1
Population Traits
Population Anatomy
Population Profile Array Aggregate | Percentage

Less than & 170 54.31

Age (in years) equals to 25
26 -30 87 27.80
More than 30 56 17.89
Gender Male 183 58.47
Female 130 41.53
Program Enrolled Graduate 190 60.70
Postgraduate 123 39.30
Time spent utilizing an <2 years 213 68.05
e-learning portal 2-4 years 68 21.73
>4 Years 32 10.22

Source: Authors Compilation

Reliability Analysis:

For the present study, 30 items scale is used (Refer to Table 2). For all
the variables, Cronbach’s was 0.832.

Table 2
Reliability Analysis
Study Variables Cronbach’s Comments
PE 0.858 Acceptable
EE 0.834 Acceptable
FI 0.845 Acceptable
QOs 0.754 Acceptable
FC 0.862 Acceptable
SBI 0.855 Acceptable
SUB 0.845 Acceptable

Source: Data compiled by authors
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Nunnally (1978) found that all constructs had acceptable values
between 0.753 and 0.859. Few variables were inconsistent due to their
numerous scales, and the studied variables showed internal consistency.
The SEM approach was utilized to analyze the relationships between
dependent and self-dependant components and direct or indirect effects
between constructs. This aimed to evaluate the theoretical framework of
the study (as described by Hair et. al., 1998 & is shown in Table 2.) Using
SEM involves several steps, including testing the theoretical model,
estimating parameters, evaluating the final model, analyzing the
measurement model, and implementing a structural model (Wang, 2013).

4.2 Evaluation of Measurement Structure

Establishing a relationship between the underlying concept and the
observed items, as well as between the dependent and independent
concepts, is essential for confirming the main hypothesis of the study
(Wang, 2013; Hair et. al., 1998). Measurement model analysis and structural
equation modeling are first stages in a sequence of assessments necessary
to evaluate the suitability of a model in SEM (Gefen, 2003). By eliminating
three elements based on factor loading from the original model and
creating a new model with both endogenous and exogenous constructs.
Table 3 displays the used questionnaire questions, factor loading for the
evaluated model, and item codes.

The average scores of the participants, as analyzed through descriptive
statistical analysis, varied from 2.978 to 3.669, pointing towards a neutral
stance. The standard deviation result had a highest of 1.311 and a lowest
of 0.791, showcasing diversity in the data and demonstrating that the
responses are evenly distributed rather than clustered around the mean,
which also suggests that the participants had varying opinions on the
factors under investigation. All these is shown in Table 4.

Examination of proposed framework through practical observation and
experimentation

Before analyzing the hypotheses, it is of vital importance to look at
the numbers of GFI, AGFI, CFI, TLI, and RMSEA (Hu & Bentler, 1999). The
initial model output did not meet the minimum requirement and had GFI
and AGFI values below 0.9. To enhance the model and maintain uniformity
among variables, items with factor loadings lower than 0.7 were eliminated,
following the guidance of Schumacker and Lomax (2004), and the model
was updated and reexamined to assess its accuracy. To raise the GFI, AGF],
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TLI, and CMIN/DF values, three items—SBI3, QOS2, and SBI3—were
eliminated. Table 3, Illustration 3, and Illustration 4 display the original
and amended models, respectively.

Table 5
Updated model
Model Old Model Updated/ New Model

Items 30 27

GFI 0.877 0.908
AGFI 0.873 0.905
RMSEA 0.065 0.053
CFI 0.921 0.943
CMIN/DF 3.122 2.893
TLI 0.934 0.946

Source: Authors Research Result

The values of GFI, AGFI, TLI, CMIN/DF, and RMSEA were
established to meet the end results after deleting three items, as indicated
in Table 5 (Vandenberg & Scarpello, 1994). The revised model in Figure 2
was used to Verify the hypothesis and the effect of variables in Table 6.
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Figure 2
Revised Model

Source: Research Result
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Table 6
Effect of variables
Direct |Critical |P- Hypothesi
Hypothesis | Variables [Endogene Ous ree rl'lca YPorhesis
Effect |Ratio |Value |S
H1 PE Students 54 5.33 o Supported
behavioural
Intention
EE Students Rejected
H2 behavioural -06  |1.06 023
Intention
FI Students Supported
H3 behavioural 24 5.66 o
Intention
QOs Students Supported
H4 behavioural 34 5.47 o
Intention
FC Students” usage Supported
H5 behaviour 27 5.34 itk
Heé SBI Students” usage |.23 5.51 e Supported
behaviour

Source: Author’s Compilation

Conclusion and Suggestions

The purpose of the study was to evaluate the use of online education
by universities using the UTAUT model. The outcome displayed that
students” intentions to use e-learning were significantly influenced by the
level of performance they expect from the system and the quality of
services provided, with a coefficient of 0.54 (P<0.05), thereby supporting
hypotheses H1 and H3.. Both the Faculty Influence (FI) and the Facilitating
Condition (FC) were statistically crucial (8=0.24 and P<0.05). Hence H3
and H5 were supported. The value of Effort Efficiency (EE) was determined
to be -.06 (P=0.23). Hence, there was not enough evidence to support H2.
It is possible that today’s students are computer savvy and used to online
learning tools. Further, the findings are in sync with past studies by Wu et.
al. (2012) and Cadinu (2003), which concluded that students” intention to
use online learning has a positive effect on their actual usage behavior.
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The present research has some shortcomings like any other study.
One such shortcoming is that the sample size of 313 participants is limited
in comparison to the overall population of institutes and colleges. Secondly,
the data were accumulated using a convenient sampling method, which
may not represent the whole population. Moreover, a considerable number
of participants were under 25 years old, which restricts the commonality
of the results. In order to have a deeper understanding of the impact of the
model, future research could consider increasing the sample size and
incorporating moderator variables such as age, gender, and experience.

References

[1] (n.d.). Retrieved from http://mhrd.gov.in/overview

[2] Agudo-Peregrina, A. F., Hernandez-Garcia, A., & Pascual-Miguel, F.
J., Behavioral intention, use behavior and the acceptance of electronic
learning systems: Differences between higher education and lifelong
learning. Computers in Human Behavior, 34, 301-314 (2014).

[3] Ajzen, L, The theory of planned behavior. Organizational Behavior and
Human Decision Processes, 50(2), 179-211 (1991).

[4] Allen, R., Retrieved from https://www.smartinsights.com/author/
robert-allen/ Beheshti, H. B. (2010). Improving productivity and firm
performance with enterprise resource planning. 445472 (2020).

[5] Cadinu, M. M., Stereotype threat: The effect of expectance on perfor-
mance. European Journal of Social Psychology,, 267-285 (2003).

[6] Bhardwaj, A., Kumar, V., Sharma, A., & Narula, A., Analyzing the
mediating effect of consumer online purchase intention in online
shopping of domestic appliances. Journal of Information and Optimiza-
tion Sciences, 43(7), 1499-1515 (2022). https:/ /doi.org/10.1080/02522
667.2022.2128510.

[7] Chan, A. H., The impact of tour service performance on tourist sat-
isfaction and behavioral intentions: A study of Chinese tourists in
Hong Kong. Journal of Travel and Tourism Marketing, 18-33 (2015).

[8] Chauhan, S., & Jaiswal, M., Determinants of acceptance of ERP
software training in business schools: Empirical investigation us-
ing UTAUT model. The International Journal of Management Educa-
tion, 14(3), 248-262 (2016).

[9] Cimperman, M., Brenci¢, M. M., & Trkman, P., Analyzing older us-
ers’ home telehealth services acceptance behavior—applying an Ex-


http://mhrd.gov.in/overview
http://www.smartinsights.com/author/robert-allen/
http://www.smartinsights.com/author/robert-allen/
https://doi.org/10.1080/02522667.2022.2128510
https://doi.org/10.1080/02522667.2022.2128510

1642 S. SINGH, R. AGGARWAL, R. BALI, G. BAPAT AND S. MOHITE

tended UTAUT model. International Journal of Medical Informatics, 90,
22-31 (2016).

[10] Davis, F. D., Perceived usefulness, perceived ease of use, and user
acceptance of information technology. MIS Quarterly, 319-340 (1989).

[11] De Canniére, M., De Pelsmacker, P., & Geuens, M., Relationship qual-
ity and the theory of planned behavior . Models of Behavioral Intentions
and Purchase Behavior, 82— 92 (2009).

[12] De Canniére, M., De Pelsmacker, P., & Geuens, M., Relationship qual-
ity and the theory of planned behavior models of behavioral inten-
tions and purchase behavior. J. Bus. Res., 82-92 (2009).

[13] DeLone, W. M., Information systems success: The quest for the de-
pendent variable. Information Systems Research 3(1), 60-95 (1992).

[14] Delone, W. M., The DeLone and McLean model of information sys-
tems success: A. Journal of Management Information Systems 19(4), 9-30
(2003).

[15] DeLone, W. M., Information systems success measurement. Founda-
tions and Trends® in Information Systems, 1-116 (2016).

[16] Diep, N. C., Predicting adult learners’ online participation: Effects of
altruism, performance expectancy, and social capital. Computers and
Education, 84-101 (2016).

[17] Dwivedi, Y. K., Rana, N. P, Jeyaraj, A., Clement, M., & Williams, M.
D., Re-examining the unifed theory of acceptance and use of tech-
nology (UTAUT): Towards a revised theoretical model. Information
Systems Frontiers, 21(3), 719-734 (2019).

[18] Escobar-Rodriguez, T. C.-T.-L., Factors that influence the perceived
advantages and relevanceof Facebook as a learning tool: An exten-
sion of the UTAUT. Australasian Journal of Educational Technology, 30(2)
(2014).

[19] Fishbein, M. &., Belief, attitude, intention and behaviour: An in-
troduction to theory and research. Reading MA Addison Wesley, 480
(1975).

[20] Foon, L., Comparison of consumers” behavioral intention towards

credit card mobile payment and octopus mobile payment in Hong
Kong (2014).

[21] Fu, H,, Ye, B., & Xiang, J., Reality TV, audience travel intentions, and
destination image. 3748 (2016).

[22] Gefen, D. K., Trust and TAM in Online Shopping: An Integrated
Model. MIS Quarterly,, 51-90 (2003).



TRANSFORMATIVE IMPACT 1643

[23] Ghalandar, K., The effect of performance expectancy, effort expec-
tancy, social influence and facilitating conditions on acceptance of
e-banking services in Iran: The moderating role of age and gender.
Middle-East Journal of Scientific Research, 801-807 (2012).

[24] Gulati, P, Gulati, U., Uygun, H., & Gujrati, R., Artificial Intelligence
In Cyber Security: Rescue Or Challenge. Review of Artificial Intelli-
gence in Education, 4(00), e07 (2023). https://doi.org/10.37497 / rev.
artif.intell.education.v4i00.7.

[25] Gujrati, Rashmi. “India’s march towards faceless, paperless, cash-
less economy.” International Journal of Commerce and Management Re-
search 3.6 : 73-77 (2017).

[26] Gujrati, Rashmi. “CRM for reatailers: Business intelligence in retail
CRM.” International Journal of Applied Research 2.1 : 24-29 (2016).

[27] Gogus, A., & Nistor, N., Educational technology acceptance across
cultures: A validation of the unified theory of acceptance and use of
technology in the context of turkish national culture. Turkish Online
Journal of Educational Technology - TOJET, 11, 394-408 (2012, October).

[28] Hair, J. F., A primer on partial least squares structural equation mod-
elling, PLS- SEM. Thousand Oaks: Sage Publications (2016).

[29] Handoko, B. W., The effect of third party auditor and quality of ser-
vice through cloud storage security to cloud user trust. 9th IEEE In-

ternational Conference on Communication Software and Networks, (pp.
1397-1401). Janua: ICCSN 2017 (2017).

[30] Handoko, B. W., Perception of financial auditor on usage of computer as-
sisted audit techniques. Hong Kong (2018).

[31] Ian Lerche. Epidemic evolution: Source, lock-down and removal
modifications to the SIR model, Journal of Statistics and Management
Systems, 25:8, 1767-1780 (2022), DOI: 10.1080/09720510.2021.1972622.

[32] Jamil, N. A., To Investigate The Drivers of Online Purchasing Behav-
ioral In Malaysia Based on the Theory of Planned Behavior (TPB): A
Structural Equation Modeling (SEM) Approach. International Confer-
ence On Management, 453-460 (2011).

[33] Jaradat, M. 1. R. M., & Banikhaled, M., Undergraduate students adop-
tion of website-service quality by Applying the unified theory of

acceptance and use of technology (UTAUT) in Jordan. International
Journal of Interactive Mobile Technologies, 7(3), 22-29 (2013).


https://doi.org/10.37497/rev.artif.intell.education.v4i00.7
https://doi.org/10.37497/rev.artif.intell.education.v4i00.7

1644 S. SINGH, R. AGGARWAL, R. BALI, G. BAPAT AND S. MOHITE

[34] Khan, S., Tailor, R. K., Uygun, H., & Gujrati, R., Application of ro-
botic process automation (RPA) for supply chain management, smart

transportation and logistics. International Journal of Health Sciences,
6(53),11051-11063 (2022). https:/ /doi.org/10.53730/ijhs.v6énS3.8554.

[35] Kaur, G., Gujrati, R., & Uygun, H., How does Al fit into the Manage-
ment of Human Resources?. Review of Artificial Intelligence in Educa-
tion, 4(00), e04 (2023). https://doi.org/10.37497 /rev.artif.intell.edu-
cation.v4i00.4.

[36] Madaan, G., Kaur, M., Gowda, K. R., Gujrati, R., & Uygun, H., Busi-
ness Responses Towards Corporate Social Responsibility and Sus-
tainable Development Goals During Covid-19 Pandemic. Journal of
Law and Sustainable Development, 11(1), e0309 (2023). https://doi.
org/10.37497 /sdgs.v11i1.309.

[37] Kaneberg, E. &., A study on factors affecting the behavioral intention
to use mobile shopping fashion apps in Sweden (2016).

[38] Kim-soon, N. T., Factors influencing intention to use mobile technolo-
gies for learning among technical universities students. Innovation
and Sustainable Economic Competitive Advantage: From Regional
Development to Global Growth, 1-12 (2015).

[39] Lai, P. C., Design and Security impact on consumers’ intention to use
single platform E- payment, Interdisciplinary Information Sciences. 111-
122 (2016).

[40] Lee, T. &., The role of contextual marketing offer in Mobile commerce
acceptance: comparison between Mobile Commerce users and non-
users. International Journal of Mobile Communications, 5(3), 339-356
(2007).

[41] Lee, Y. K., The technology acceptance model; past, present and fu-
ture. Communication of AIS, 12 (50)., 752-780 (2003).

[42] Lovelock, C., Services Marketing, People, Technology, Strategy. Pren-
tice Hall, New Jersey (2001).

[43] Mansour, E., Factors affecting the adoption of computer assisted au-
dit techniques in audit process: Findings from Jordan. Business and
Economic Research, 248-260 (2016).

[44] Martin, H. S., Influence of the user’s psychological factors on the on-
line purchase intentionin rural tourism: Integrating innovativeness
to the UTAUT framework. Tourism Management, 33, 341-350 (2012).


https://doi.org/10.53730/ijhs.v6nS3.8554
https://doi.org/10.37497/rev.artif.intell.education.v4i00.4
https://doi.org/10.37497/rev.artif.intell.education.v4i00.4
https://doi.org/10.37497/sdgs.v11i1.309
https://doi.org/10.37497/sdgs.v11i1.309

TRANSFORMATIVE IMPACT 1645

[45] Michaelidou, N. a., The role of health consciousness, food safety con-
cern, and ethical identity on attitudes and intentions towards organic
food. International Journal of Consumer Studies,Vol. 32 No. 2, 163-70
(2008).

[46] Moran, M., Tablet Personal Computer Integration in Higher Educa-
tion: Applying the Unified Theory of Acceptance and use Technology
Model to Understand Supporting Factors. Journal of Educational Com-
puting Research, Vol 42(1), 79-101 (2010).

[47] Mousa Jaradat, M. &. Assessing key factor that influence on the ac-
ceptance of mobile commerce based on modified UTAUT. Internation-
al Journal of Business and Management, 8(23), 102-112 (2013).

[48] Nassuora, B., Students acceptance of Mobile learning for higher edu-
cation in Saudi Arabia. International Journal of Learning Management
Systems, 1(1), 1-9 (2012).

[49] Osman Kamari & Morad Alizadeh. The type 2 extended exponenti-
ated family of distributions, Journal of Statistics and Management Sys-
tems, 25:8, 1735-1749 (2022), DOI: 10.1080/09720510.2021.2011115.

[50] P.C. Lai. The literature review of technology adoption models and. J.
Inf. Syst. Technol. Manage., vol 14, 21-38 (2017).

[51] Parasuraman, A. Z., A Conceptual Model of Service Quality and Its
Implications for Future Research. The Journal of Marketing, 49, 41-50
(1991).

[52] Pardamean, B. &. Assessing user acceptance toward blog technology
using the UTAUT model assessing user acceptance toward blog tech-
nology using the UTAUT Model. 203-212 (2015).

[53] Park, E. L., Determinants of behavioral intention to use South Korean
airline services: Effects of service quality and corporate social respon-
sibility. Sustainability, 7(9), 12106-12121 (2015).

[54] Park, S., An analysis of the technology acceptance model in under-

standing university students” behavioral intention to use e-learning.
Educational Technology & Society, 12(3), 150-162 (2009).

[55] Raman, A. D., Technology acceptance on smart board among teach-
ers in Terengganu using UTAUT model. Asian Social Science, 10(11),
84-98 (2014).

[56] Salim, B., An application of UTAUT model for acceptance of social
Media in Egypt: A statistical study. International Journal of Information
Science, 2(6), 92-105 (2012).



1646 S. SINGH, R. AGGARWAL, R. BALI, G. BAPAT AND S. MOHITE

[57] Sao, A., Kumar, A., Bapat, G., Khan, M. S., & Singh, S., Analysing
Customer Loyalty, Customer Satisfaction and Service Quality at DLF
Mall of India. Marketing and Management of Innovations, 1, 146-157
(2023). https:/ /doi.org/10.21272 /mmi.2023.1-13.

[58] Sao, A., Saxena, R., Ganguly, C., Bapat, G. S., & Sharma, P., Effect of
Leadership Style on Employee Performance in Health Care Industry
in India. Asia Pacific Journal of Health Management, 17(2), 1-9 (2022).
https:/ /doi.org/10.24083 /apjhm.v17i2.1817.

[59] Sao, A., Singh, S., Dixit, S., Pandey, A. K., & Singh, S., Quality, pro-
ductivity, and customer satisfaction in service operations: An empiri-
cal study. International Journal of Mechanical Engineering and Technol-
ogy, 8(10), 579-596 (2017).

[60] Sharma, P, Shaikh, A. A., Sao, A., Rohilla, N., (Year). Using Technol-
ogy Acceptance Model, Analyzing the Role of Telehealth Services
in the Healthcare Industry During COVID-19. Asia Pacific Journal
of Health Management, 17(2), 1-8. https://doi.org/10.24083/apjhm.
v17i2.1815.

[61] Shirina, S., Sharma, R., Agarwal, R. N., & Sao, A., Factors affecting
employee engagement in higher education institution-An empirical
study in NCR. Journal of Information and Optimization Sciences, 43(7),
1779-1800 (2022). https:/ /doi.org/10.1080/02522667.2022.2128533.

[62] Sofia Khan, R. K. Tailor, Ranu Pareek, Rashmi Gujrati & Hayri Uy-
gun. Application of Robotic Process Automation in education
sector, Journal of Information and Optimization Sciences, 43:7, 1815-1834
(2022), DOI: 10.1080/02522667.2022.2128534.

[63] Sarfaraz, J., Unified Theory Of Acceptance And Use Of Technology
(UTAUT) Model-Mobile Banking. Journal of Internet Banking and Com-
merce, 22(3), 1-20 (2017).

[64] Schumacker, R. E., A beginner’s guide to structural equation model-
ing. psychology press (2004).

[65] Schwaninger, D. A., Technology acceptance of four digital learning
technologies (classroom response system, classroom chat, e-lectures,
and mobile virtual reality) after three months’ usage. International
Journal of Educational Technology in Higher Education,, 1-17 (2021). Re-
trieved from https://doi.org/10.1186/541239-021-00243-4.

[66] Sedana, I. &. Application of the UTAUT model to understand the ac-
ceptance and use of learning management system case studies: Expe-


https://doi.org/10.21272/mmi.2023.1-13
https://doi.org/10.24083/apjhm.v17i2.1817
https://doi.org/10.24083/apjhm.v17i2.1815
https://doi.org/10.24083/apjhm.v17i2.1815
https://doi.org/10.1080/02522667.2022.2128533

TRANSFORMATIVE IMPACT 1647

riential e-learning of Sanata Dharma University. Jurnal Sistem Infor-
masi Fakultas Ilmu Komputer, 5(2), 114-120 (2010).

[67] Sedera, D. R., Are we there yet? A step closer to theorizing informa-
tion systems success. 1- 21 (2010).

[68] Sedera, D. R., Are we there yet? A step closer to theorizing informa-
tion systems success. 33- 47 (2013).

[69] Tsai, T. H., Chang, H. T., & Ho, Y. L., Perceptions of a specific family
communication application among grandparents and grandchildren:
An extension of the technology acceptance model. PloS one, 11(6),
e0156680 (2016).

[70] Taylor, S. &., Assessing IT usage: The role of prior experience. MIS
Quarterly, 19(4), 45-56 (1995).

[71] Vandenberg, R.]., A longitudinal assessment of the determinant rela-
tionship between employee commitments to the occupation and the
organization. Journal of Organizational Behavior, 15(6), 535-547 (1994).

[72] Venkatesh, M. G., User acceptance of information technology: To-
ward a uni_ed view,. MISQuart., vol. 27, no. 3, 425-478 (2003).

[73] Venkatesh, V. T., Consumer acceptance and use of information tech-
nology: Extending theunified theory of acceptance and use of tech-
nology. MIS Quarterly, 36(1), 78-90 (2012).

[74] Wang, F. a., Second Life in education: a review of publications from
its launch to 2011. British Journal of Educational Technology, 44, 3, 357-
371 (2013).

[75] Wu, M. Y., Study on user behavior for i pass by UTAUT: Using tai-
wan’s MRT as an example. Asia Pacific Management Review, 17(1), 91-
111 (2012).

[76] Xin, X., A model of 3g adoption. AMCIS 2004 Proceedings Paper 329,
2755-2762 (2004).

[77] Yamane, T., Statistics: And introductory analysis. 2nd Edition, Scot-
tish Journal of Arts, SocialSciences and Scientific Studies (1967).



